OpenForensics: Large-Scale Challenging Dataset e
N I I (¥ SOk o — nD D For Multi-Face Forgery Detection And Segmentation In-The-Wild ICCVVIRTUAL

Trung-Nghia Le, Huy H. Nguyen, Junichi Yamagishi, Isao Echizen

https.//sites.google.com/view/lthghia/research/openforensics

National Institute of Informatics % E. j( §
THE UNIVERSITY OF TOKYO

Dataset Analysis User Study

mm 200 participants (80 experts and 120 non-experts)
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Average Precision (AP)
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Conclusion

40

a) Forgery Detection b) Forgery Segmentation Address new tasks of massive face forgery in-the-wild

Present new image dataset to promote tasks of multi-face forgery
detection and segmentation
Provide benchmark suite for tasks of multi-face forgery detection

and segmentation

Deep learning leading algorithms cannot yet effectively solve real-world
challenges (Top-1: AP <60)

Multi-face forgery detection and segmentation in-the-wild is still far from
been solved, leaving large room for improvement
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