
▪ Dataset 

▪ Created CNComplex, a challenging ASV dataset

▪ Combined CNCeleb and CNSpoof [1] datasets

▪ Evaluate three simultaneous threats: spoofing, channel, 

and domain mismatch.

▪ Cross-genre training and testing Protocols (CGPs)
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▪ Result on channel mismatch scenario

P6-16-SLR (#10)

▪ Preliminary experimental result of ECAPA-TDNN

ECAPA-TDNN 

struggles when facing 

spoofing, channel, 

and domain 

mismatches at the 

same time.

▪ Result on spoofing attack scenario

▪ Result on domain mismatch scenario Conclusions

▪ The proposed framework 

better addresses spoofing, 

channel, and domain 

mismatches than traditional 

ASV systems.

▪ We see the potential of an 

integrated, multi-task 

learning approach for real-

world speaker verification.

▪ Issue: speaker verification faces spoofing, channel, 

and domain mismatches.

▪ Existing methods: 

▪ Address the mismatches separately. 

▪ Integrated solutions are rare and underperform 

in complex scenarios.

▪ We propose an integrated framework using meta-

learning, spoofing attack simulation, and multi-task 

learning to enhance robustness against the 

mismatches.

▪ Model architecture

▪ Learning paradigm [1]

▪ Simulating domain mismatch using meta-learning

▪ Inner loop: training on spoof and channel 

mismatch scenarios

▪ Outer loop: optimizing across unseen domains

▪ Asymmetric dual-

path feature 

extractor

▪ Speaker classifier

▪ Binary SASV 

classifier [2]

▪ Spoof classifier

▪ Multi-task and end-
to-end optimization

▪ Genre groups. Ten 

genres are randomly 

grouped

▪ CGPs for experiments

▪ Seen genres: 

training & testing

▪ Unseen: only testing

This table shows our

approach consistently 

outperforms ECAPA

across all protocols, 

highlighting its 

robustness against 

spoofing attacks, 

channel mismatch, 

and domain mismatch.

Our approach 

achieves EER 

reductions compared 

to the PLDA baseline, 

demonstrating its 

effectiveness in 

addressing channel 

mismatch scenarios.
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